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STUDY CONTEXT AND METHODOLOGY

This methodology report accompanies our New Economics Foundation report on the
effect of job quality on non-employment.’ It provides more extensive information on the
data and methodology for the quantitative elements of the report that uses longitudinal
data.

It starts by outlining the nature of the study and key definitions. It then briefly discusses
gaps in the literature, ending by elaborating on the regression models used to identify

the effect of job quality on non-employment.

STUDY SAMPLE AND DEFINITIONS

Survey and sample

This study uses a large-scale longitudinal survey of the UK population, Understanding
Society, covering the period 2012 2025. The actual size of the sample varies from 20,000
to 33,000 people, depending on the model used (Table 1).

The report restricts analysis exclusively to workers below the state pension age when
surveyed.? Within this population, it focuses on three distinct measures of non-
employment. These measures exclude those who are in full-time education or training.
As they are not available ready-made within Understanding Society, extensive work was
needed to replicate them so that they align with the way they are constructed in official

UK labour market statistics (eg in the Labour Force Survey):

1 “ILO” unemployed: Either not in paid work, but actively seeking work over the
last four weeks and available to start work within the next two weeks; or waiting
to start a job they have already found within the next two weeks. This is the UK’s
official measure of unemployment, and is aligned with the International Labour
Organisation’s (ILO) recommended approach to measuring unemployment.

1 “Partially inactive” (or “want work inactive”): Not in paid work and would like
a regular paid job but only meeting some, and not all, of the work search or work
availability criteria for ILO unemployed. Some, such as the Trades Union
Congress (TUC), have historically called for official measures of unemployment
to be revised to incorporate these inactive and the ILO unemployed, into a
broader “want work rate.”?

1 “Fully inactive”, non-retired: Not in paid work, and meeting none of the criteria
to be in the previous two categories. In this report, this measure also excludes
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those who report retirement or full-time education or training as their main

economic activity, and those above state pension age.

In most cases, analysis was done using a binary variable combining all three outcomes,
but this was adapted in some cases to conduct more in-depth descriptive analysis on all
three measures of non-employment. There are well-justified reasons for going beyond
the ILO measure of unemployment when measuring non-employment. There is
evidence the ILO measure has historically understated the impact of large-scale labour
market shocks, such as the mass structural unemployment caused by deindustrialisation
in the 1980s.4>® At a more macroeconomic level, there is also evidence that increased
levels of insecure and non-standard employment have broken the traditional link
between the ILO unemployment rate and inflation in the UK and the United States.”
The Covid-19 pandemic, as will be seen, led to a major shift into other forms of non-

employment other than ILO unemployed.

How job quality is measured

The study focuses on the relationship between paid workers” job quality and subsequent
non-employment outcomes. Unlike previous studies, it isolates the effect of job quality
on workers’ later outcomes, controlling for other factors such as individual
characteristics. To study this, we need a measure of job quality, measured at the

individual level and drawn from the same survey.

As already discussed in the main report, we measured the job quality of the sample of
workers using a composite UK Quality of Work (QoW) index, previously developed
using Understanding Society.®® Exclusively for this report, we updated this index to
include a broader range of indicators than in previous studies, and used more granular
information on earners and pension receipts of workers and their families. The
dimensions used in the index are closely aligned to well-established indices in existing
job quality literature,''"> but also involve some innovations in the development of the

earnings, pension, job prospects, and health and safety indicators.

Figure 1 shows the indicators, dimensions, and weights of the QoW index. Twenty

indicators are grouped into six dimensions, as follows:

1 Earnings quality. This captures how workers” take-home pay compares with the
minimum income standards (earnings sufficiency); how their gross hourly wages
sit within the wage distribution (earnings equity); and whether they are
contributing to a personal pension or, if over 60 and not contributing, receiving

an adequate pension income.
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1 Security. This measures workers’ job security. It comprises three indicators,
measuring whether they worked continuously enough with the same employer
to accrue associated rights at work, eg against unfair dismissal (continuous
employment)®; whether they are in a permanent or temporary job (security of
contract); and their self-assessed risk of losing their job over the next year
(perceived job security).

1 Autonomy and voice. This captures the ability workers have to shape their
working environment, and the manner in which they can go about their work. It
is captured using measures of workers’ self-assessed autonomy over the nature
and pace of their tasks (autonomy over work tasks and pace) and the manner and
ordering of their work (autonomy over work manner and order); and whether
there is a union or staff association in their workplace (collective voice).

1 Working time quality. This captures the availability of formal (formal flexibility)
and informal (informal flexibility) flexible working arrangements in their
workplace, such as varying working times or working from home; workers’ self-
assessed influence over the time they start or finish their working day (influence
over working time); whether their hours of work exceed the UK working time
directive or the average for full-time workers (excessive hours); and the extent to
which their job involves unsociable weekend working (non-standard working
time).

1 Prospects. This captures the prospects workers have for advancement within
their jobs, or within the occupation in which they operate. It is captured using
measures of whether they have managerial responsibilities in their current job
(managerial duties); their expectations of training, advancement within their job
or a better job or business prospect within the next year (short-term prospects);
and whether they work in an occupation with good long-term occupational
growth prospects, given their qualification.

1 Health and safety. This captures workers” day-to-day exposure to health and
safety risks within their workplace. It is estimated based on the workers” industry
of employment in their main job, using Health and Safety Executive data on
reported work fatalities by industry (work fatalities); and using Labour Force
Survey data on self-reported work accidents (work accidents) and illnesses (work

illnesses) by industrial classification.

Workers” QoW index scores are simply the weighted sum of their scores on all these
indicators and dimensions. The index defaults to an approach of double-weighting the
earnings dimension and equally weighting all other dimensions. Within each

dimension, each indicator is weighted equally. There are long-standing controversies
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over the weights to assign different indicators and dimensions. To guard against this, we
used more granular analysis at the indicator level and even at the level of the
questionnaires, which make up the indicators for the autonomy and flexibility indicators
(Chapter 3).

The QoW index measures workers” job quality in every even-numbered wave of
Understanding Society, comprising Wave 4 (workers surveyed between January 2012
and May 2014), 6 (2014 16), 8 (2016 18), 10 (2018 20), 12 (2020 22), and 14 (2022 24)."
We could only generate the index for even-numbered waves because some of the
bespoke job-quality-specific questions are not asked in odd-numbered waves. Crucially,
as will be shown, this data structure still enables an understanding of the effect of job
quality in the wave where they have job quality scores on their subsequent labour

market outcomes in subsequent waves.
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Earnings quality

(2/7)

Security
(1/7)
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Figure 1. Indicators, dimensions and weights of the updated UK Quality of Work index.

Autonomy and
voice
(1/7)

Earnings sufficiency (2/21)
How net earnings in all jobs relate to
tailored Minimum Income Standards,
based on family circumstances:
= Worst: Below MIS, excl. housing
costs;

- Middle: below MIS, incl. regionally-
adjusted housing costs;
- Best: Above both.

Continuous employment
(1/21)

Length of continuous service with
same employer in main job:
- Worst: self-employed, or <1 wave
service;
- Middle: 1-2 waves’ service;
- Best: >2 waves’ service.

Earnings equity (2/21)
Where gross hourly wages relate to
median in region of residence:
™ - Worst: below 66%.

- Middle: below 133%.
- Best: above 133%.

Security of contract (1/21)
Stated security of job contract:
- Worst: Some way that job is ‘not
permanent.”
- Best: Says job is ‘permanent.’

Pension (2/21)
- Worst: None of below,
= Middle: contributing to personal
pension or, if over 50 and not, has
pension income above ‘minimum’
Retirement Living Standards (RLS);
- Best: part of employee workplace
pension or, if over 50 and not,
pension income above ‘moderate’
RLS.

Perceived job security (1/21)
Employee-only. Self-assessed
likelihood of losing job during next 12
months:

- Worst: ‘Very likely.’

- Lower Middle: ‘Likely."

- Upper Middle: ‘Unlikely.’
- Best: ‘Very unlikely.

Working time quality

(1/7)

Autonomy over work tasks and
pace (1/21)

Composite of two 4-level autonomy

Qs: job tasks, work pace. Scored 2-8:

- Worst: 7-8 (at best ‘none’ in one /

‘a little” in other).

- Lower Middle: 5-6.

- Upper Middle: 3-4.

- Best: 2 (‘a lot” in both),

Autonomy over work manner
and order (1/21)

Composite of two 4-level autonomy
Qs: work manner, task order:
- Worst: 7-8.
- Lower Middle: 5-6.
- Upper Middle: 3-4.
- Best: 2 (‘a lot’ in both).

Collective voice (1/21)
Access to means of exercising
collective voice in main job:

- Worst: no union or staff association
at workplace, or self-employed;
- Best: has union/staff association.

Formal flexibility (1/35)
Employee-only. Reports access to 8 flexible working
arrangements in main job, e.g. working from home,
flexitime and term-time working:

- Worst: no access to any arrangements;
- Middle: One;
- Best: Two or more.

Influence over working time (1/35)
Self-assessed influence over ‘the time you start or finish
your working day":

- Worst: ‘None.’

- Lower Middle: ‘A little.’
- Upper Middle: ‘Some.’
- Best: ‘A lot.’

Informal flexibility (1/35)
Employee-only. Whether, in addition to formal
arrangements, ‘able to vary your working hours on an
informal basis, for example by re-arranging your start or
finish times if you need to”:

- Worst: ‘No.”
- Middle: 'Sometimes.’
- Best: ‘Yes.’

Excessive hours (1/35)
Weekly working hours in all jobs, including overtime:
- Worst: over UK Working Time Directive (48 hours);
- Middle: over full-time UK worker average (37 hours);
- Best: 37 hours or below.

Non-standard working time (1/35)
- Worst: works ‘most/every weekend.’
- Middle: Works 'some weekends.’
- Best: Reports ‘'no weekend working.’
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Prospects

(1/7)

Managerial duties (1/21)
In main job:
L. - Worst: Solo self-employed or has no employee
managerial duties.
- Best: hires own staff or has managerial duties.

Short-term prospects (1/21)
Expectation of better job with same employer, work-related
training, new job with new employer or to start own
business in next 12 months:

-employment with longitudinal data

Health and safety
(1/7)

Work fatalities (1/21)
Continuous. Rate of RIDDOR workplace fatalities in industry
of main job reported to Health and Safety Executive in
2014-2024, based on Standard Industrial Classification
(SIC).

Work accidents (1/21)
Continuous. Rate of workplace accidents at or in course of
work in industry of main job in Labour Force Survey (LFS)
years corresponding to year interviewed, based on SIC.

- Worst: expects none of these;
- Middle: one of these;

- Best: Two or more. Work illnesses (1/21)

Continuous, Rate of workplace illnesses (incl. mental health)
caused or made worse by work in industry of main job in
LFS corresponding to year interviewed, based on SIC.

Long-term prospects by qualification (1/21)
Continuous. Projected % future employment growth and
L. replacement demand of main job in 2017-2027 from
Working Futures, based on Standard Occupational
Classification (SOC) by qualification.

WHERE THIS STUDY FITS INTO EXISTING LITERATURE

Over the past decade in the UK, there has been quite a lot of research on non-work and
job quality. Much of this has used data from the same survey used in this report.
However, with some exceptions, very few studies have looked in depth at the effect job

quality plays in this picture.

Most are focused on whether ill health explains the likelihood of transitioning into
inactivity, rather than the role of job quality itself. Those that did discuss job quality

tended not to try to estimate a causal effect, of the kind undertaken in this report.
To provide a brief overview of existing research on this topic:

1 A study published with the Joseph Rowntree Foundation (JRF) looked at the role
of health transitions, and the interacting role of skills, in explaining transitions
out of work or into part-time work." It did not look into job quality.

9 A more recent National Institute for Economic and Social Research (NIESR)
study, also with the Department for Work and Pensions (DWP), looked at
relationship between job quality and inactivity in more depth, but only used a
few select measures of job quality: employment status (PT vs FT), skill (high vs
low) and employer size and wage (low vs high).'

1 DWP research into disability employment focused on how employment, under-
employment, low pay, part-time work, occupational skill level, zero-hours
contract use, career prospects, and employee involvement differed between
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people with and without disabilities."” This is aligned with the job quality
indicators developed in an earlier Office for National Statistics (ONS) study into
job quality, which more broadly used a relatively narrow range of job quality
indicators — just five." It did not look at other measures of job quality discussed in
the literature, particularly worker-oriented flexibility and autonomy.

1 The most comprehensive research on this to date was carried out by the Work
Foundation. This study, also using Understanding Society, explored the
association between the sector worked in, workers” control over their
environment, autonomy, and access to flexible work arrangements on the
likelihood of falling into unemployment, inactivity, or early retirement due to ill
health.” It found that workers with access to flexible work arrangements, control
over their work, and/or autonomy are less likely to fall out of work in the event of
ill health; and that workers in sectors more exposed to insecure work are more
likely to experience a transition into inactivity due to ill health. In a separate
analysis using the same survey, they also found insecure workers are 1.4 times
more likely to experience involuntary spells out of work than those in secure
jobs.?

1 The Health Foundation regularly updates a set of indicators from Understanding
Society on the health outcomes of workers broken down by key job quality
indicators including job satisfaction, pay, job security, and overall subjective
wellbeing. But the data is descriptive and is not intended to be causal.”

1 There has also been some welcome in-depth study into what constellations of job
characteristics create healthy jobs, but this research has tended not to be
quantitative or using representative surveys.?>?? Stronger quasi-causal evidence
could help reinforce these findings, and also help understand its interaction with,

for example, ill health or non-standard employment.
This report builds on this research in three key ways.

First, the focus is how job quality specifically can support sustainable employment. This
contrasts with many other studies, where the main focus has often been on ill health. In
this study, we are interested in the intersection of ill health, but an episode of ill health is

not necessary for job quality to still have an effect on workers” employment outcomes.

Second, this report uses a larger and more varied range of job quality indicators than
previous studies. As mentioned above, 20 indicators are grouped into six dimensions,

and analysed in three ways:

1 Measuring workers” overall job quality, using workers” QoW index scores. Later

in the analysis, they are split into quintiles based on their QoW index scores.
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1 Analysis using each indicator® separately.
1 For workers in different employment relationships. we focus particularly on those

who are self-employed in their main job and employees on zero-hours contracts.

Third, quasi-causal analysis is attempted, using a range of models, to understand the
effect of job quality on the likelihood of exit into non-employment. Previous analysis has
tended to analyse the relationship using a repeated cross-sectional approach, looking at
transitions between pairs of waves and controlling for observed characteristics. This
report improves on these, taking advantage of the longitudinal nature of the survey

used.

THE MODELS USED IN THIS STUDY

To isolate the effects of job quality on labour market outcomes, we present three sets of
regression models. These are done on different cuts of the longitudinal data from

Understanding Society (hence the sample size varies depending on the model):

1 Model 1 is the simplest model. It is a between-worker comparison which
investigates the effect of job quality in the wave immediately prior (Wave T) on
the likelihood of exit into non-employment in the wave immediately after (Wave
T+1). It is not longitudinal, but instead uses a pooled cross-section comprising
workers in waves 4 to 15 of the sample, in five pairs (Waves 4 A 5,6 A 7,8 A 9;
10A 11, 12 A 13; 14 A 15). This has the largest sample size, as respondents
need only to have responded in both waves in a given pair to be included in the
analysis. It is restricted to those in work in the first wave of each pair (Wave T)
and who report an economic activity outcome in the wave immediately after
(Wave T+1).

1 Model 2 develops Model 1 using workers who appear in multiple waves (two or
more even-numbered waves) to improve accuracy. While its focus is still on
between-worker comparisons, it controls for more characteristics by following
the same workers over time and controlling for time trends.

1 Models 3a and 3b narrow the focus to workers in more than two waves. They
make stronger causal claims using two different model specifications. Unlike the
previous approaches, the focus here shifts towards exploring the effect of
different levels of job quality on the likelihood of subsequent exit within
individuals, rather than by making comparisons between individuals:

0 A fixed effects specification which accounts for time-invariant

unobservable confounding variables.

10
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0 A first-difference model specification that analyses the effect of changes in
job quality on changes in inactivity. This allows for the strongest causal

claims.

As each model has both advantages and limitations, all three are used in this study,
rather than making a claim as to one “best” model. Indeed, there are several inherent
challenges with job quality that make causal estimates especially challenging for a study

of this topic. The next three subsections describe these models in more detail.

Model 1: Logistic regression (paired waves)

Model 1, the paired-waves logistic regression design, compares individuals across the
sample. It looks at whether different levels of job quality between those who experience
a transition into non-work in the subsequent wave vs those who do not are significant
in explaining the likelihood of a transition, even after controlling for some important

differences between these two groups.®

It is the weakest of the three models presented. Causal claims for this model should be
avoided: even with controls, it is unlikely to be able to account for non-observable
confounding characteristics of workers in lower vs higher quality jobs, due to issues of
people self-selecting into better-quality jobs. Its use in this report is broadly similar to
the previously mentioned NIESR study into work and health transitions, which also uses
Understanding Society, and conducted similar analysis on a pooled cross-section of the

sample.”

Model 2: Linear probability model using QoW quintiles
(longitudinal panel)

Model 2 uses the longitudinal panel rather than the paired-waves pooled cross-section.
This therefore accounts for repeated observations of the same worker, improving
precision and addressing some limitations of the previous model by controlling for more
observed characteristics to identify a causal effect. It does this, first, by introducing wave
fixed effects to control for aggregate time trends; and second, by accounting for
individual worker characteristics to account for the non-independence of repeated

observations of the same worker over multiple waves.

To do this, it compares the likelihood of exit into non-employment of a worker, but it
does so using a Linear Probability Model (LPM) rather than a logistic regression. It
converts workers” QoW index scores into quintiles, with Q1 being workers in the
lowest-quality 20% of jobs and Q5 being the highest-quality 20%. The LPM predicts the

11
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difference in probability of non-employment occurring for a movement from Q1 to Q4
of the QoW quintile distribution up to Q5 (best job quality).*

Its use in this study is partly inspired by Binder and Freytag's® study, which also uses
Understanding Society. It looks into the effect of volunteering on subjective wellbeing;
they critique the use of more causal model specifications such as those used in Models
3a and 3b and instead favour a matching approach by comparing groups of otherwise
similar people across multiple waves of the survey. However, we adopt a different
approach than them to comparing workers due to the rather different nature of job
quality, meaning a matching approach isn’t nearly as easy to construct for job quality as

it is for, for example, a binary volunteering outcome.

Models 3a and 3b: Fixed effects and first -differencing
(longitudinal panel)

The final pair of models comes closest to making quasi-causal statements about how
high-quality work, in itself and independent of other characteristics, could protect

workers from falling out of work.

Model 3a is a within-individual fixed effects specification. It is similar to Model 1, but
with an important addition to control for even unobservable characteristics that don’t
vary over time (eg ability, baseline preferences). Since this doesn’t absorb confounding
over the same time, controls for variables which are still likely to change over time are

retained (eg number of children, caring duties, health).*

This model tests, within the same individuals, whether higher job quality at a given time
is associated with a different probability of exit from the labour market — comparing the

same person at different levels of job quality.

Model 3b is a first-difference model. This is similar to the fixed-effects specification, but
compares changes in job quality and other variables to changes in labour market exit

probability for the same person.*!

This model controls for everything in Model 3a, and controls for trends that change at a
constant rate. It also measures job quality differently; it tells us whether an improvement
or deterioration in job quality (compared to the previous wave) is associated with an

increase or decrease in probability of falling into non-employment.

These are the most causal models, and their use in this report is closely aligned with
another study in the literature.® However, they also carry a risk of going in the opposite
direction and underestimating the beneficial effect of high-quality work by only
capturing the effects of changes in job quality within the same individuals. They also

12
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over-control for any variables which change slowly. In addition, there are inherent
challenges in using this for job quality indicators compared with, for example,
volunteering, because of the relative lack of within-individual variation for the former
(for descriptive information on the changes in each indicator within individuals, refer to
Table A1).

13
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IS LOWER JOB QUALITY ASSOCIATED
WITH HIGHER NON-EMPLOYMENT EXIT?

OVERVIEW AND DEFINITIONS

This chapter explores the general relationship between job quality, measured using the
Quality of Work (QoW) index, and the likelihood of falling into non-employment. It
starts by describing how the relationship has changed over time using the survey, but
then discusses the model-based findings to supplement the discussion in the main

report.

THE RELATIONSHIP BETWEEN JOB QUALITY AND LATER
NON-EMPLOYMENT

Figure 2 describes the changing rates of exit by workers” positions on the QoW quintile
distribution using the paired-waves pooled cross-section of the data. A range of

supplementary tables in the appendix reinforce these findings ( Figures A1 A3).

The figures show that workers in the lowest-quality jobs are consistently more likely to
exit into non-employment than workers in the highest-quality jobs. The main report
discusses the differences in likelihood of exit using this descriptive data. Across each
wave pairing, those in the lowest-quality 20% of jobs are 1.6 to 3.37 times more likely to
exit employment in the subsequent wave than those in the highest-quality jobs. There is

no consistent upward or downward trend in this ratio across the time series (Figure A3).

The pandemic has also led to a marked change in rates of labour market exit among all
workers over the past decade, with exits into non-employment increasingly likely to take
the form of ‘“full inactivity” as the time series goes on. This trend is particularly
pronounced for those in the lowest-quality jobs: those in the bottom 40% of the QoW
distribution were no more likely to exit into ‘full inactivity” at the start of the time series
than they were into ILO Unemployed or Partial Inactivity, but the pandemic markedly
changed this relationship and led to a major shift into Full Inactivity.

It should be noted that there is a divergence between what Understanding Society and
the Labour Force Survey (LFS) say about pre-pandemic trends in inactivity. There are
well-documented differences in what the two surveys reported about trends in ill health
before the pandemic, with the LFS not showing a pre-pandemic rise and Understanding
Society reporting one.** The findings in this report also suggest the same could be said
about inactivity. There is no conclusive answer to which trend is correct.

14
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Figure 2. Exit rates into three forms of non-work at Wave T+1 by QoW quintile of worker in
Wave T. Sample grouped by pairs of waves in Understanding Society. Only those in paid
employment in Wave T are included.
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Table 1. Effect of QoW index scores on likelihood of exiting into non-employment — summary of

all four model results.?®

+1.338 higher
odds of exit from

. : H _ KKk

1: Paired waves logit 0.02913 10% decrease in
(002388) QoW 33,798

2: Quintile comparison (Q1 0.052046 +5.2% higher exit

vs Q5) (003166) [rate (Q1 vs Q5) 30,065
 0.00046+* +0.46% exit rate

' from 10%
3a: Individual fixed efects [(000108) decrease in QOW]30,065
_ _ +0.39% exit rate
3b: Firstdifference -0.00039***

from 10%
(0.000095) decrease in QoW |20,356

16
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Figure 3. Model-based predicted exit probability for a hypothetical worker with job quality in the
mid-point of each QoW quintile, for Models 1, 2 and 3a.
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(Logit)
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Part of the difference is explained by a notable limitation of Understanding Society data.
As a longitudinal survey by design, the sample, all else held equal, will lead to a different
pattern of exit as samples age. However, the trends observed here are too sharp to be
explained through that alone. Conversely, there have been major issues with LFS

representativeness and accuracy over the same period covered by this report.

Whichever data is used, however, a major shift in labour market exit towards inactivity
has been observable since the pandemic; the debate is over whether any aspects of this
shift were observable before the pandemic. This report adds crucial new evidence on the
intersecting role of underlying job quality in this picture and shows that those in lower-
quality jobs experienced markedly different rates of exit and a rather different pattern of

exits.

DOES LOWER JOB QUALITY PREDICT A HIGHER
LIKELIHOOD OF EXIT?

The previous subsection described how the pattern of exit into non-employment differs
depending on workers” job quality. This subsection discusses whether workers” job
quality in itself may play a role in this difference. Table 1 provides the effect sizes of the
three models discussed in the previous methodology chapter. Overall, all of the models
support the finding of a quasi-causal association between higher job quality and a lower

likelihood of subsequently progressing into non-employment.

The analysis from Model 1 finds higher job quality overall is strongly associated with a
lower likelihood of onset into non-employment. Model 2 reports similar effect sizes to
Model 1, albeit using a rather different model specification, thus providing further

support for the findings in Model 1.

The size of the effect diminishes significantly in the within-individual models (Models
3a and 3b), but remains statistically significant. Notably, the consistency between FE and
FD results suggests that both the level of job quality relative to an individual's own
average (FE) and changes in job quality from one wave to the next (FD) predict exit
probability in the same direction and with similar magnitudes. This strengthens the

potential causal interpretation.

This difference in effects between Models 1 and 2 on the one hand, and 3 on the other,
can be interpreted in various ways. It could be that Models 1 and 2, due to their
between-individuals comparison, are not sufficiently accounting for the full range of
confounding variables: in other words, even once controls are introduced, there are still
marked differences in wider labour market prospects between individuals in higher- vs

lower-quality jobs. On the other, as discussed in the previous subsection, it could reflect
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19 Analysing the effect of job quality on non -employment with longitudinal data

that Models 3a and 3b over-control by restricting analysis within-individuals, and only
capture a rather unusual group of workers (those represented in multiple waves, who

experience changes in QoW).

Figure 3 translates the findings of Model 1, 2, and 3a into a more intelligible set of
percentages. It shows the predicted difference in exit rates for a hypothetical worker in
the midpoint of each quintile in the QoW distribution, after controlling for covariates
and other characteristics. It shows that across all three sets of models, lower-quality

work has an effect on the likelihood of exit into non-employment:

1 Model 1 predicts that being in the lowest-quality 20% of jobs is associated with a
3.37 times higher exit risk, once confounding characteristics are accounted for. As
a reminder: this only controls for observable confounding characteristics between
individuals.

1 Model 2 makes a similar prediction via a different route, and finds the lowest-
quality work is associated with a 3.04 times higher exit risk.

1 Model 3a predicts a 1.6 times higher exit risk. As a reminder, this is based on a
within-individual comparison, and can control for unobservable time-invariant

confounding characteristics.
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IDENTIFYING ‘HEALTHY JOBS': WHAT
INDICATORS DRIVE THE DIFFERENCES?

OVERVIEW AND DEFINITIONS

The key finding in the previous chapter was that whichever model specification or cut of
the data adopted, overall job quality is potentially causally associated with a lower risk of
non-employment — both between individuals (Models 1 and 2) and when following the
same individuals over time (Models 3a and 3b). However, the precise drivers and

mechanisms of this relationship remain underexplored.

This chapter takes this general finding forward by identifying which job characteristics
are particularly strongly associated with lower risk of non-employment. It identifies a
specific constellation of job characteristics which may be particularly protective for

workers, to build on existing literature on healthy jobs.?*%73

It should be stressed that there is no expectation of a consistent positive relationship for
all Quality of Work (QoW) indicators. There are many valid reasons why job quality
matters for workers, regardless of whether it is associated with a higher or lower risk of
exit into non-employment. As such, it is expected that only a subset of indicators of the
QoW index will drive this relationship. Limitations in the data and the
inappropriateness of certain model specifications for certain job quality indicators are
other important considerations: some job quality indicators are less well-suited to this

analysis than others.

WHICH JOB QUALITY INDICATORS ARE MOST
IMPORTANT?

We start by running the same three sets of models, and on the same cuts of the
Understanding Society data, separately on each indicator of the UK QoW index. This is
essentially the same model specifications outlined previously, but substituting the
overall job quality index score for workers” scores on each of the 20 index indicators.*
This also helps avoid criticisms that the findings in the previous chapter may be overly

sensitive to the weights assigned to each indicator or dimension of the index.

Table 2 provides an overview of the significance of the effects for each indicator, and the
significance of the associations, across the models run. The analysis identifies a strong or
consistent association for six indicators in the QoW index — including one earnings
indicator, all three security indicators and two of the three Autonomy and Voice

indicators.
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21 Analysing the effect of job quality on non -employment with longitudinal data

Table 2. Summary of model results on individual job quality indicators. Ticks denote when
indicator found to be protective. Asterisks denote statistical significance. Colour coded by
number of models protective: dark green = three or more; light green = two; no colour = fewer
than two.%

Model 1
(pooled
Cross-
section)

Model 2 Model Model
(longitudinal 3a 3b
LPM) (FE) (D))

N models

Indicator c
protective

D1: Earnings quality

Earnings sufficiency 1 n - S 20f4
Earnings equity n*** n *** --- --- 20f4
Pension n n *** n* n* 4 of 4
Continuous . . - o * 3 0f4
employment - - -

Security of contract n **x n **x n **x n*** 40f4
Perceived job security n n *** n *** n *** 4 of 4

D3: Autonomy and voice

Autonomy over work

tasks and pace o - 0he - AU
Autonomy over work n* - o * . 3 ofd
manner and order - - -

Collective voice ) n*** --- n* 3of4
Formal flexibility n*** n*** --- --- 20f4
Informal flexibility n** n** --- --- 20f4
Excessive hours --- --- --- --- Oof4
Working hours L L L L 0of 4
influence

Non-standard L o L L 0of 4
workdays

Managerial duties ) 2 n *** --- --- 20f4
Short-term prospects - - n*** - 1of4

A further seven indicators are found to be protective in two of the four models. In most
cases, they are significantly protective in the between-individuals comparisons, but not
within-individual comparisons. Mirroring the discussion in the preceding subsection,

this can be interpreted in one of two ways. A more pessimistic interpretation is that the

‘protective” effect of these indicators is explained entirely by workers with a lower
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likelihood of exit self-sorting into these jobs anyway. This may be the case for the
flexibility indicators, since these may tend to be accessed by workers who are already in
advantageous positions in the labour market. A more optimistic interpretation is that
FD/FE methods cannot capture these factors, due to low rates of within-individual

change in many of these indicators (Table A1).

THE ROLE OF JOB SECURITY AND AUTONOMY -
FURTHER DISCUSSION

The precise causal mechanisms driving these changes deserve some further discussion
and certainly warrant more in-depth investigation in further studies. The findings in the
previous subsection point to a particularly strong association for the job security
indicators. However, these strong associations may reflect an effect of working
conditions on the likelihood of exit, or they may reflect a decline in working conditions
in anticipation of exit, rather than anything strictly associated with job quality. This is
especially likely for the Perceived Job Security indicator, since a change in self-assessed
likelihood of exit may, for example, reflect a change in wider labour market conditions,

which the worker then correctly anticipates will lead to them losing their jobs.

This is, however, less likely for the Security of Contract indicator. Indeed, the relatively
low rates of within-individual change in this indicator would tend to push down the
effect sizes in Models 3a and 3b, so the continued significance of this in all specifications
is particularly striking. Similar to Perceived Job Security, it may reflect a change in
working conditions in anticipation of exit — such as moving to a less secure job in
advance of a pre-planned exit. This seems less likely for this particular indicator, though,
given workers in permanent jobs are likely to want to retain these protections if possible.
A more plausible confounding explanation would be that workers at the bottom end of
the labour market are likely to be forced between permanent and temporary jobs due to
precarious wider labour market conditions, and that a decline in their job security
followed by labour market exit would then be reflected in the FE/FD models. In this
case, however, this would serve to reinforce rather than undermine the general findings
and recommendations of the report. Regardless of the causal mechanisms, it points to a
need to address underlying job security and precarity issues at the bottom end of the

labour market, to support continuous and sustained employment.

The results also point to autonomy playing a particularly important role in helping
workers retain employment. The twin autonomy indicators of the QoW index are a
composite of four questions of workers’ self-assessed ability to shape their working

environment. There is also an additional fifth autonomy question which asks workers
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about their autonomy over their working hours, used here to construct the separate
Control over Working Hours indicator of the Working Time Quality dimension.*! Table
3 shows the effect sizes for all five of these specific autonomy indicators using Model 1,
2, and 3a.

They show strong and consistent associations for two of the four autonomy indicators —
job tasks and task order — and a partial association for work pace. There is no evidence
of an association with the work hours measure in any model. Overall, these findings
suggest that the ability to control the means and way through which they work may
have an important effect on a worker’s ability to retain their job. This effect is significant

in both the between-individual and within-individual models.

The direction and specific mechanisms of causality here deserve further discussion.
Recent cross-country evidence using longitudinal data suggests workers” assessed
autonomy declines after around age 40,%* so the findings here may reflect another aspect
of this understudied life-course trend. In addition, similarly to the job security
dimension, they may reflect a decline in autonomy in anticipation of exit: for example, a
tightening of managerial controls due to either a decline in individual performance or a

worsening business environment, then leading to exit. These need further study.

Table 3. Effect of each of the five autonomy variables on likelihood of employment exit for

Models 1, 2 and 3a.#
QoW Model 1 Model 2 Model 3a
Autonomy o " Pooled logit Longitudinal LPM Individual FE
variable compostte (cross-sectional) (between-person) (within-person)

indicator

Protective?

Coeff. Protective? Protective? Coeff.

Autonomy

over job Autonomy n*** +0.1197 n** +0.00223 n* +0.00324
tasks over work

Autonomy tasks and

over work pace n e +0.0999 - +0.00120 n* +0.00226
pace

Autonomy

over work Autonomy n** +0.0854 - +0.00190 - +0.00199
manner over work

Autonomy manner and

over task order n e +0.1301 n e +0.00448 n** +0.00441
order

Autonomy Control over

over work working - +0.0114 - -0.00186 - -0.00109
hours hours
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WORKERS IN PRECARIOUS JOBS

OVERVIEW AND DEFINITIONS

This chapter focuses specifically on the findings for two groups of workers in non-
standard, and generally more precarious, forms of employment: the self-employed, and

employees on zero-hours contracts.

The findings in this chapter focus on descriptive analysis. It supplements the findings in
the main report and largely carries forward the discussion in the first part of Chapter 2,

focusing particularly on Covid-related trends

CHANGES IN SELF-EMPLOYED EXITS - SUPPLEMENTARY
INFORMATION

For the self-employed, we undertook a model-based analysis for each Quality of Work
(QoW) index indicator to explore whether the combination of being self-employed and
scoring poorly on QoW indicators had an additional negative effect on non-employment
exit, as an interaction term. We found only one indicator (Managerial Duties) to have a
significant interaction with self-employment status, and be significant across Models 1

3. No clear or consistent interaction was found with the other QoW indicators.

Figure 4 tracks rates of exit into the three forms of non-work for the self-employed vs
employees across the six pairs of waves used in the pooled cross-section cut of
Understanding Society data. As discussed in the main report, this finds the rates of exit
for the self-employed were similar to employees in earlier waves, but that the rate of exit
into inactivity rose considerably higher for the self-employed in the waves leading up to

and including the Covid-19 pandemic.

Further analysis suggests that this does not reflect a rise in voluntary inactivity such as
early retirement: only a small minority of self-employed falling into inactivity report later
drawing down on an employee or personal pension (Figure 5). In any event, the analysis
in this report is restricted to those below state pension age, and excludes even those
who are inactive below state pension age who report retirement or full-time education

as their main economic activity.

This may reflect some distinct features of the employment relationship for self-
employed workers, as compared to employees. Where a worker in a self-employed
employment relationship experiences a labour market shock and/or falls into ill health,
they lack many of the support mechanisms available to workers in standard

employment relationships. For employees, the employer is legally obliged to continue
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employing them, and to some degree has an incentive to support them when managing
a health condition due to the deadweight costs associated with losing them and hiring
another worker. Even in cases where this employment is redundant during the
pandemic, government support schemes such as furlough existed to retain these
workers in employment. Overall, their support is therefore generally better than many
self-employed workers, even if there are concerns about the sufficiency of, for example,

statutory sick pay provisions.*

These same protections do not exist for the self-employed. Outside the context of a
shock, they are unlikely to face significantly different risks when compared with
employees — as suggested in the pre-Covid labour market transitions data. When faced
with a shock, they absorb most of the risk associated with this shock themselves:
without employment protections, they may simply cease to trade during the course of a
shock — whether for economic reasons (because their trade is no longer viable during the
pandemic), health reasons (because they fall ill), or both. The lack of social protections

for these workers and the lack of employer obligations exacerbate this risk.

Further research is needed to explore this in more detail. In particular, it is not known
from this data whether, and to what extent, these self-employed workers were able to
draw from Covid-related support schemes. Nevertheless, the findings in themselves
should be a cause for alarm for policymakers; the focus of most policymakers' efforts to
improve in-work support for those with health risks is on employees in standard

employment relationships.*

By contrast, there is little discussion of the more complex challenge: how to support
those in non-standard arrangements. This is problematic, since — in common with many
other countries — a large part of the rise in employment achieved by the UK in the years
since the pandemic was in non-standard arrangements such as dependent self-

employment.*®

It is challenging to directly compare these trends with other datasets, but the Labour
Force Survey (LFS) paints a very similar picture of the Covid-related trends, using

exclusively cross-sectional published data:

1 LFS data* suggests the number of self-employed peaked at 4.693 million in Q4
2019, before dropping sharply to 4.113 million in Q4 2021 —a 12.4% fall.

1 This report’s analysis also suggests nearly one in eight (12.1%) self-employed
people exited into non-employment in the pandemic period (2020 23).

Our analysis suggests that for self-employed workers, the pandemic period saw a
disproportionately high exit out of work for those in the worst-quality jobs: almost four
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in ten (39%) exits during 2020 23 were from the lowest-quality fifth of self-employed
jobs — 1.5 times higher than in 2018 21, and the highest exit rate across the whole study
period (Figure A4).

Figure 4. Proportion of self-employed vs. employees who exited into non-employment by wave
pairing.
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